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AlphaFold Protein Structure Database

AlphaFold
Protein Structure Database

A Launched on 22nd July 2021

A Open access (CC-BY-4.0 license) to all structure
models

A V1. ~365,000 models (21 proteomes)
V2: >800,000 models (SwissProt entries)

A V3:~1,000,000 Structures (focus on

pathogens and neglected diseases; 49
proteomes)

A Later in 2022: >100,000,000 models

To

NAR paper on AlphaFold DB: bit.ly/NAR-AFDB-2022

pdbe.org | pdbe-kb.org | alphafold.ebi.ac.ukl 3d-beacons.org



Impact of AlphaFold database on life science research

MIT

Techn
Rev,evc‘)"ogy Featureq Topics
ewsletters

A Structure for every known protein in UniProt
database will be available or can be modelled

A 3-D structures for virtually all (98.5%) of the
human proteome
A 92.5% residues are covered

A 58% of all residues have very confident(36%) or
confident (22%) predictions

A ~30-40% are disordered and are not expected to
have good prediction

A Protein Data Bank content
A Only ~17% of the human proteome residues

covered in the PDB See also: bit.ly/afdb-impact B
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New normal for biology

£ Bryan MacDonald @bryanmac14 - 26 Jul
Maybe coincidence. Or maybe this Alphafold model offers an explanation
for an opportunistic auto-cleavage event if the cysteine switch (magenta)
falls out of the active site.
All for now on this deep dive into V1 Alphafolds for ADAMTS?7. Looking
forward to V2+ models for more fun!

é

Many studies of proteins can now start with a 3D
model as the basis for hypotheses

Does a model explain previously known data on
function, binding, specificity, &€ ?

Design experiments based on the model (e.g.,
Introduce mutations)

£2) Mike Lacy @MLacyPhD - 7 Dec
In talks at #cellbio2021 now two speakers in a row have said about their

protein "since there is no structural information known about [protein x], we
looked at the AlphaFold prediction and realized..." to design clever next
experiments - what a time to be doing science!!

QO 2 1.2 QO 13 &

pdbe.org | pdbe-kb.org | alphafold.ebi.ac.uk | 3d-beacons.org



Impact of AlphaFold database on life science research

4 AN unexpected effect of the AFDB is that it visually
demonstrates the prevalence of intrinsically disordered
regions (IDRs) in the human proteomeo
- Ried Alderson et al. doi:
https://doi.org/10.1101/2022.02.18.481080

4 fProteinsoare no longer seen as having a well defined and
compact structure

4 Inclusion of unstructured regions with pLDDT <70 in AFDB
structures was a conscious decision

©) DeepMind EMBL-EBI &

pdbe.orgl pdbe-kb.org‘ alphafold.ebi.ac.uk | 3d-beacons.org



From Structural Inventories to Molecular sociology of ribosomes

Processes:
Visual proteomics
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Reactome: Computationally Accessible Pathway Reviews

Nature 407(6805):770-6.The
Biochemistry of Apoptosis.

“Caspase-8 is the key initiator caspase in
the death-receptor pathway. Upon ligand
binding, death recepf
(Apo-1/Fas) aggregat
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Caspase-8 is synthesized as zymogen (procaspase-8) and is formed from procaspase-8 as a cl ge product. H , the cll ge itself appears not to be sufficient for the f

cleavage of the zymogen produce efficient activation in vitro and apoptosis in cellular systems [Boatright KM and Salvesen GS 2003; Keller N et al 2010; Oberst A et al 2010].

The caspase-8 zymogens are present in the cells as inactive monomers, which are recruited to the death-inducing signaling complex (DISC) by homophilic interactions with the [
the subseauent conformational chanaes at the receotor comolex. which results in the formation of catalvticallv active form of procaspase-8./Boatriaht KM et al 2003: Donepudi M

Caspase activation via Death Receptors in the presence of ligand

http://www.reactome.org



Reactions as Building Blocks
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Reactions Connect into Pathways
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Pathway Browser
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Under normal conditions the vascular endothelium supports vasodilation, inhibits platelet adhesion and activation, suppresses coagulation, enhances fibrin
cleavage and is anti-inflammatory in character. Under acute vascular trauma, vasoconstrictor mechanisms predominate and the endothelium becomes
prothrombotic, procoagulatory and proinflammatory in nature. This is achieved by a reduction of endothelial dilating agents: adenosine, NO and
prostacyclin; and by the direct action of ADP, serotonin and thromboxane on vascular smooth muscle cells to elicit their contraction (Becker et al. 2000).
Cyclooxygenase-2 (COX-2) and endothelial nitric oxide synthase (eNOS) are primarily expressed in endothelial cells. Both are important regulators of
vascular function. Under normal conditions, laminar flow induces vascular endothelial COX-2 expression and synthesis of Prostacyclin (PG12}) which in tum
| stimulates endothelial Nitric Oxide Svnthase (eNOS) activity. PGI2 and NO both oppose platelet activation and agaregation as does the CD39 ecto-

<1 Muscle contraction
<% U Neuronal System




Pathway Browser
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Pathway Analysis

i Analysis tools 7

/Y/ . . .
1 1] Step 1: Select a file from your computer or paste your own data and click on the corresponding "Continue" button.
Analyse gene list

Select data file for analysis: e LLECR 8 No file chosen Continue

Paste your data to analyse or try example data sets: Some examples:
Analyse gene i UniProt accession list
expression

Gene name list

Gene NCBI / Entrez list

0 Small molecules (ChEBI)

Small molecules (KEGG)

Species Comparison Microarray data

Metabolomics data

@ Cancer Gene Census (COSMIC)

o @ O 2 Tissue Specific Expression (HPA)
® ©

Tissue Distribution

Continue

Reactome v79

Click to learn more

about our analysis
tonls




Pathway Analysis: Results overview - Fireworks
"regctome Z’;f Pathways for: Homo sapiens Analysis: ' Tour: . \ Layout: E [D !
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Textbook-style high level diagrams
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Pathway Analysis: Detall view
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Pathway Analysis: Detall view
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Inclusion of External Data: IntAct

A Medium to high # reoctome 2 [ramener
confidence interactors
from IntAct are
included in the
Reactome pathway
database

A Where available, PDB
structure pictograms
are included in high
zoom levels

. (':3 IntAct/Static
A Many other resources I i
available through NR1D1:heme:Corepressors

PSICQUIC web
services Bl :




ReactomeGSA - Quantitative Multi-Omics Analysis
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ReactomeGSA - Efficient Multi-Omics Comparative Pathway Analysis

D Johannes Griss 38 , GuEherme Viterl, Konstantinos Sisropouios, © Vy Nguyen, Antonio Fabregat and Henning Hermjakob

Mokecular & Colular Protecmics Septerber 9, 2000, mep TIR120.002155; Miips /‘dod o 10 107 4/mep. TI 20 002155
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Abstract

Pathway analyses are key methods 1o analyse ‘omics experiments. Nevertheless, integrating data
trom dfferant ‘omics technologles and different species still requires considerabie bloinformatics
knowiedgo. Here we present the novel ReactomeGSA resource for comparative pathway analyses
of mulli-omics datasets. ReactomeGSA can be used through Reactome’s existing web interface
and the novel ReactomeGSA R Bioconductor package with explicit suppon for ScRNA-seq data.
Data from differant species is automatically mapped 10 a common patfrway spaca. Pudlic data
trom ExpressionAtias and Singie Cedl ExpressionAtias can be drectly integrated In the analysis.
ReactomeGSA greatly reduces the technical Dasmier for multl-omics, Cross-5pocios, Comparative
pathway analyses. We used ReactomeGSA 1o characierise the role of B cells in anti-tumour
Immunity. We compared B cell rich and poor human cancer sampies from five of the Cancer
Genome Atias (TCGA) ranscriptomics and two of the Clinical Proteomic Tumor Analysis
Consortium (CPTAC) proteomics studies. B cell-nich lung adenocarcinoma samples lacked the
otherwise present activation through NFkappal, This may be inked 10 the prasence of a specific
subset of tumolr associated IGG+ plasma celts that tack NFkappaB activation in sScRNA-seq data
from human melanoma. This showcases how ReactomeGSA can derive novel biomedical insights

by Integrating large multi-omics datasets
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Quantitative Analysis (R ReactomeGsA

# 54 request class
my request <- new("ReactomeAnalysisRequest", method="Camera")

# directly import limma dataset
data("griss melanoma proteomics")
my request <- add dataset(request = my request,
expression values = griss melanoma proteomics,

name = "Proteomics"”,

type = "proteomics-int",
comparison factor = "condition",
comparison group 1 = "MOCK",
comparison _group 2 = "MCM",

additional factors c("cell.type”, "patient.id"))

# directly import edgeR dataset
data("griss melanoma rnaseq")
my request <- add dataset(request = my request,
expression values = griss melanoma rnaseq,

name = "RNA-seq",

type = "rnaseq",

comparison_ factor = "treatment",
comparison group 1 = "MOCK",
comparison group 2 = "MCM",

additional factors c("cell type", "patient"))

https.//bioconductor.org/packages/release/bioc/html/ReactomeGSA.html



https://bioconductor.org/packages/release/bioc/html/ReactomeGSA.html

Combined Visualization

# perform the analysis
analysis result <- perform reactome analysis(my request)

# get the pathway statistics
pathway result <- pathways(analysis result)

# open the visualization
open reactome(analysis result)
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4 Molecules I3 Structures & Expression 4l Analysis 2108 @ Downloads
Gsa Regulation analysis results for TOTAL [Data: Multi-sample analysis] 9
“ Entites  Entites  Entities Entities Entities Reactions Reactions  Reactions

Pathway name found Total ratio pValue FDR found total ratio proteomics maseq Species name
Propionyl-CoA catabolism 5 14 0.001 1.48E-2 7.4E-2 3 3 0 AA A Homo sapiens
Signaling by FGFR 68 106 0.007 1.49E-2 7.44E-2 139 142 0.012 v v Homo sapiens
Mitochondrial protein import 57 69 0.005 1.49E-2 7.44E-2 14 14 0.001 AA v Homo sapiens
Interferon gamma signaling 179 250 0.018 1.52E-2 7.53E-2 15 15 0.001 A A Homo sapiens
Intracellular metabolism of fatty acids regulates insulin secretion 3 9 0.001 1.6E-2 7.92E-2 2 2 0 A v Homo sapiens




Combined Visualization

# perform the analysis
analysis result <- perform reactome analysis(my request)

# get the pathway statistics
pathway result <- pathways(analysis result)

# open the visualization
open reactome(analysis result)
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Intracellular metabolism of fatty acids regulates insulin secretion 3 9 0.001 1.6E-2 7.92E-2 2 2 o r'y v Homo sapiens




External Binary Data Overlay: DisGeNET ‘

A Many types of binary association data:

A Disease-Gene, Drug-Target, Antibody-Antigen, ...
A Example: DisGeNet




